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Development of hydraulic grab online
monitoring system based on WeChat mini program
FENG Baozhuang, GONG Yuanming
(School of Mechanical and Automotive Engineering, Shanghai University of Engineering Science, Shanghai 201620, China)

[ Abstract] In waste incineration, hydraulic grab, as the core equipment of material supply, works in high temperature and high
pressure environment for a long time. Once the failure occurs, there will be serious consequences. Therefore, a management system
that can monitor the working state of hydraulic grab in real time and find the alarm information in the first time is needed to ensure
its continuous and stable operation. Combined with the need to design a set of WeChat applet and Websocket technology based
hydraulic grab online monitoring system, the cloud server and database are built, PC software is developed to upload data to the
database, using WeChat applets for the client to obtain real —time database in the cloud server data and display the data in the
interface. Finally, the WeChat applets can obtain the device data stored in the background server, rapidly monitor various sensor
data, alarm information and other functions, so that the staff can view the equipment information anytime and anywhere, quickly
find out the cause of the failure, reduce maintenance costs and improve work efficiency.
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Fig. 1 Overall architecture diagram of the system
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Fig. 2 Flow chart of operations and the procedure
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Tab. 1 Devices data table structure

e FERA w2l AvraE e
1 DeviceID ~ Varchar(10) g W& 1D
2 Bpress Varchar( 10) & P
3 Kpress Varchar( 10) w PARES
4 Muweight ~ Varchar(10) i B
5 Jsuttlem  Varchar(10) i iy
6 Xangle ~ Varchar(10) 7 X FilAe g
7 Yangle Varchar(10) = Y AL bR
8 Zangle  Varchar(10) w5 VA
9 Hwarm  Varchar(10) S (IR Y3
10 Rtemper  Varchar(10) & R
11 Fulevel ~ Varchar(10) i AR AL
12 Yiemper ~ Varchar(10) % VR
13 Diemper  Varchar(10) & A B
14 Kdu Varchar( 10) & B
15 Errcode  Varchar(10) s B
16 Grabtotal ~ Varchar(10) 7 HHTREL
17 Grabsum Varchar(10) & ESaR/ €1
18 Voltage ~ Varchar(10) & ML
19 GPSE Varchar( 10) 3 B
20 GPSN Varchar(10) & i
21 ERRSUM int 7 L VR
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Tab. 2 Users registry structure

e FERA BoExm  AUEE Ja
1 Company  Varchar(20) i UNGIE
2 Email ~ Varchar(20) i BT R
3 Mobile  Varchar(20) i FHLFH
4 Openid Varchar(20) & B FRiR
5 Nickname  Varchar(20) JE A WEFR
6 Province Varchar(20) i By
7 City Varchar(20) s Wt
8 Country Varchar(20) P ExR
9 Gender Varchar(20) JE P
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Fig. 3 Devices details
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Fig. 4 Monitoring comparison diagram
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