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Abstract; The distribution of urban POI objectively reflects the development of all walks of life in a city. Traditional surveying and
mapping methods to obtain POI have high cost, long update cycle and poor timeliness. The development of location—based social
network (Location—based Social Network, LBSN) platforms provide a new way to realize the perception of urban POI. For that,
this paper proposed an urban POI perception method based on LBSN data cluster analysis. Firstly, this method preprocessed the
LBSN data, including cleaning duplicate and invalid data, data pre-classification, etc., to improve the validity of the data. Then,
this method proposed an improved DBSCAN algorithm to cluster the processed data, so as to obtain the distribution of various urban
POIs with high accuracy. Finally, compared with the traditional DBSCAN algorithm and K-means algorithm, the experimental
results show that the proposed method performs better in clustering result, and has a larger CH index value and a smaller DBI index
value in clustering indicators.
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Table 1  Comparison of CH value and DBI value of different
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CH DBI
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