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Generation of BPMN graphs for requirement texts based on NLP techniques
HUI Menghan, HUANG Fenglan, NI Feng, LIU Jiang, LI Yexun

(School of Business, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract; With reference to today’s business and organisational environment, process management is at the heart of efficiency
gains. Traditional methods tend to lead to misunderstandings and ambiguities, and manual updating and maintenance is very difficult
when requirements change. Therefore a more formal and automated approach is needed to analyse and validate requirements to ensure
correctness and consistency. This paper proposes an approach to generate BPMN diagrams using textual requirement inputs, using
NLP to process textual requirements to obtain fact types, and then mapping events to BPMN elements to create BPMN diagrams
through spreadsheet—based descriptions.
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Table 2 Dependent syntactic relations
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Fig. 2 BPMN model correspondence
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Fig. 3 Corresponding generated BPMN diagram
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